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Presentation and Validation of an Artificial
Intelligence Application Model for Optimizing the
Bank Employee Performance Evaluation System:
Frameworks and Validation

ABSTRACT

The purpose of the present study was to present and validate a model for the application of
artificial intelligence in optimizing the bank employee performance evaluation system:
frameworks and validation. In terms of purpose, this study was applied research and was
descriptive-analytical in nature. The research method was mixed-methods and was conducted in
both quantitative and qualitative sections. In the qualitative section, the statistical population
consisted of academic experts in the fields of human resource management and artificial
intelligence, as well as experienced banking managers, of whom 13 individuals were selected using
snowball sampling and the theoretical saturation criterion. The data collection instrument in the
qualitative section was a semi-structured interview derived from the theoretical foundations. Data
analysis in this section was conducted using grounded theory. In the quantitative section, a
researcher-made questionnaire developed based on the qualitative model of the study was
distributed after confirming its validity and reliability among the statistical population, which
consisted of banking experts. The sample size was estimated at 213 participants using random
sampling. The findings of the qualitative section indicated that the use of advanced artificial
intelligence algorithms, the utilization of performance and financial data, and the need for
improvement and optimization of evaluation processes were among the causal factors affecting
the bank employee performance evaluation model based on artificial intelligence. The design of
adaptive evaluation models, the use of artificial intelligence for simulation and prediction,
personalization of evaluation criteria, and continuous feedback were identified as strategic factors
influencing the bank employee performance evaluation model based on artificial intelligence.
Organizational culture and innovation acceptance, organizational readiness for adopting artificial
intelligence, and legal and privacy limitations were identified as intervening factors affecting the
bank employee performance evaluation model based on artificial intelligence. Economic and
competitive conditions, legal requirements, organizational changes, and the need for adaptation
were identified as contextual factors influencing the bank employee performance evaluation
model based on artificial intelligence. Improved accuracy and efficiency of evaluation, increased
employee satisfaction and job motivation, enhanced productivity and organizational
performance, and improved decision-making processes were identified as consequential factors
influencing the bank employee performance evaluation model based on artificial intelligence.
Performance indicators, skills and analysis of human results, data, algorithms and artificial
intelligence technologies, and support, training, ethical considerations, and fairness in evaluation
were identified as core factors influencing the bank employee performance evaluation model
based on artificial intelligence. In the quantitative section of the study, the paths and causal
relationships between external and internal constructs in the structural model were examined and
confirmed using confirmatory factor analysis.
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Introduction

The rapid expansion of digital technologies and the transition toward intelligent organizational systems have
fundamentally transformed the mechanisms of human resource management in modern organizations. Among the
technologies that have generated the greatest transformation in recent years, artificial intelligence has emerged as one of
the most influential innovations affecting organizational decision-making, employee management, productivity
enhancement, and performance evaluation systems. Artificial intelligence is increasingly being integrated into organizational
structures because of its capacity to process large volumes of data, recognize patterns, provide predictive analyses, and
automate complex managerial processes. In competitive industries such as banking, where accuracy, speed, transparency,
and accountability are essential, organizations are increasingly attempting to employ artificial intelligence technologies to
optimize managerial functions and improve employee performance evaluation systems [1, 2]. Traditional employee
performance evaluation systems in banks have often been criticized for their dependence on subjective judgments, limited
analytical capabilities, lack of transparency, and inability to continuously monitor employee performance indicators. Such
limitations have reduced the effectiveness of human resource management practices and created challenges in identifying
employee capabilities, allocating responsibilities, and enhancing organizational productivity. Consequently, organizations
have turned toward intelligent systems capable of evaluating employee performance more objectively, systematically, and
accurately through advanced analytical models and algorithmic approaches [3, 4].

Artificial intelligence-based evaluation systems offer organizations substantial opportunities to improve the quality and
effectiveness of employee performance assessment processes. Through machine learning algorithms, predictive analytics,
neural networks, and intelligent decision-support systems, organizations can identify patterns in employee behavior, evaluate
work efficiency, predict future performance, and reduce managerial bias in evaluation processes. Artificial intelligence
technologies enable managers to continuously monitor employee performance indicators and generate accurate reports for
strategic human resource decisions. Such systems are particularly valuable in the banking sector, where employee efficiency,
service quality, customer interaction, and operational precision directly affect organizational competitiveness and financial
performance [5, 6]. In this regard, recent studies have demonstrated that artificial intelligence can significantly improve
organizational productivity and employee retention by increasing fairness, transparency, and consistency in performance
evaluation systems. Organizations that effectively integrate artificial intelligence into human resource management are more
likely to achieve higher employee satisfaction, stronger organizational commitment, and improved operational efficiency [2,
4].

The application of artificial intelligence in performance evaluation is rooted in broader transformations associated with
Industry 4.0 and smart organizational systems. Industry 4.0 emphasizes automation, intelligent analytics, digital connectivity,
and real-time data processing, all of which require organizations to redesign traditional performance measurement systems.
Smart organizations increasingly rely on artificial intelligence technologies to enhance managerial decision-making, optimize
resource allocation, and support organizational adaptability in dynamic business environments. Performance evaluation
systems are therefore evolving from static and periodic assessment approaches toward dynamic, continuous, and data-driven
systems capable of real-time evaluation and feedback generation [7, 8]. Artificial intelligence-based performance

measurement systems provide organizations with more accurate analytical frameworks for evaluating employee productivity,



competencies, innovation capabilities, and behavioral patterns. Such systems also facilitate organizational learning and
strategic planning by transforming performance-related data into actionable managerial knowledge [9, 10].

In addition to operational benefits, artificial intelligence technologies contribute to organizational sustainability and
strategic competitiveness. Modern organizations increasingly recognize that employee performance is influenced not only by
technical competencies but also by organizational culture, innovation acceptance, psychological climate, and knowledge
governance structures. Intelligent performance evaluation systems can help managers better understand these
multidimensional factors by integrating qualitative and quantitative data into unified analytical models. The integration of
artificial intelligence into human resource management enables organizations to personalize evaluation criteria based on
employee characteristics, organizational goals, and contextual variables, thereby increasing the flexibility and fairness of
evaluation systems [9, 11]. Furthermore, organizations that cultivate innovation-oriented cultures and knowledge-sharing
environments are more likely to achieve successful implementation of artificial intelligence systems because employees are
more willing to accept digital transformation and participate in organizational learning processes [10, 12].

The growing reliance on artificial intelligence in organizational systems has also increased academic interest in evaluating
the effectiveness of intelligent algorithms across different fields. Artificial intelligence models have demonstrated significant
capabilities in prediction, classification, optimization, and decision-making processes. For example, artificial intelligence has
been successfully employed in intrusion detection systems, financial forecasting, medical diagnosis, and educational
performance assessment, demonstrating its ability to process complex data structures and produce accurate analytical
outcomes [13-15]. In organizational settings, machine learning algorithms can identify hidden relationships among employee
performance variables and support predictive decision-making processes that improve organizational efficiency. Such
analytical capabilities have encouraged organizations to integrate artificial intelligence technologies into strategic human
resource functions, particularly performance evaluation systems where precision and objectivity are critically important [6,
8]. Moreover, intelligent evaluation systems can reduce human bias and increase consistency in managerial decisions, thereby
enhancing organizational justice and employee trust in evaluation processes [3, 5].

Despite the considerable advantages associated with artificial intelligence-based evaluation systems, organizations also
face significant challenges in implementing these technologies. One of the primary concerns involves legal and ethical
considerations related to employee privacy, data security, and algorithmic fairness. Artificial intelligence systems often
require extensive employee data to perform predictive analyses and generate evaluation outcomes. Consequently,
organizations must ensure that data collection, processing, and analysis comply with ethical standards and legal regulations.
Failure to address such concerns may reduce employee trust and create resistance toward artificial intelligence
implementation [11, 16]. Another challenge involves organizational readiness for digital transformation. The successful
implementation of artificial intelligence systems depends on technological infrastructure, managerial support, employee
training, and organizational culture. Organizations lacking sufficient technological capabilities or innovation-oriented cultures
may encounter difficulties in integrating intelligent evaluation systems into existing managerial structures [1, 10].

In the banking industry, these challenges are particularly important because banks operate within highly regulated and
competitive environments where data confidentiality, operational precision, and customer trust are essential. Banks
increasingly seek intelligent solutions that can improve operational performance while simultaneously maintaining

compliance with legal and ethical standards. Artificial intelligence provides banking organizations with opportunities to



optimize employee performance evaluation by integrating financial indicators, customer service metrics, productivity
measures, and behavioral analyses into comprehensive analytical systems. Such integration enables managers to make more
informed decisions regarding promotions, training programs, task allocation, and workforce development [3, 5]. Moreover,
artificial intelligence technologies can help banks identify high-performing employees, predict future performance trends,
and improve organizational adaptability in rapidly changing financial environments [4, 9].

Another important dimension of artificial intelligence implementation in performance evaluation involves the relationship
between employee motivation and evaluation transparency. Transparent and objective evaluation systems contribute to
employee satisfaction because employees perceive evaluation outcomes as fair and evidence-based rather than dependent
on subjective managerial judgments. Artificial intelligence systems can improve transparency by providing clear analytical
criteria and consistent performance metrics. This can positively influence employee motivation, organizational commitment,
and innovative behavior, all of which contribute to enhanced organizational performance [2, 12]. Additionally, continuous
feedback mechanisms enabled by artificial intelligence systems allow employees to receive timely information about their
strengths and weaknesses, thereby facilitating professional development and organizational learning [6, 10].

Recent studies have also emphasized the strategic importance of knowledge governance and organizational learning in
improving employee performance through intelligent systems. Organizations capable of effectively managing organizational
knowledge and integrating technological innovations into managerial processes are more likely to achieve sustainable
competitive advantages. Artificial intelligence-based evaluation systems support knowledge governance by transforming
organizational data into strategic insights that can guide managerial planning and employee development initiatives [9].
Furthermore, organizations that encourage creativity, innovation, and continuous learning among employees can maximize
the benefits of intelligent evaluation systems because employees become more adaptable to technological changes and more
engaged in organizational objectives [10, 12]. Such organizational environments facilitate the development of intelligent
performance evaluation models that align individual employee goals with broader organizational strategies.

Although numerous studies have examined artificial intelligence applications in organizational management, employee
performance evaluation, predictive analytics, and intelligent decision-making, limited research has focused specifically on
developing and validating a comprehensive model for applying artificial intelligence to optimize employee performance
evaluation systems in the banking industry. Existing studies have often concentrated on isolated dimensions such as
technological effectiveness, employee retention, algorithmic prediction, or organizational productivity without integrating
causal, contextual, strategic, intervening, and consequential factors into a unified conceptual framework [3, 5, 6]. Moreover,
the banking sector possesses unique operational characteristics, regulatory requirements, and organizational complexities
that necessitate the development of industry-specific models capable of addressing the multidimensional nature of employee
performance evaluation through artificial intelligence technologies [4, 11].

Accordingly, the present study aimed to present and validate a model for the application of artificial intelligence in

optimizing the bank employee performance evaluation system.

Methodology

In this study, the methodology was designed and implemented based on Saunders’ research onion model. This model,

which includes multiple layers ranging from research philosophy to data collection and analysis methods, provides a



systematic framework for conducting research. The present study employed a mixed-methods (quantitative—qualitative)
approach, and in order to achieve the primary objective of the research, both qualitative and quantitative sections were used
in a complementary manner.

In the qualitative section, the research had an exploratory nature and employed an interpretivist philosophy and an
inductive approach to identify and deeply understand the underlying categories of the phenomenon under investigation. This
section was conducted using a single-case study strategy, and the study population consisted of academic experts in the field
of human resource management and senior banking managers. Sampling in this section was performed purposively, and 13
semi-structured interviews were conducted with informed and relevant individuals. The interview process continued until
theoretical saturation was reached, such that no new information emerged for further analysis. The primary data collection
instrument in this stage was semi-structured interviews designed based on key open-ended questions. Qualitative data were
analyzed using thematic analysis. The stages of the grounded theory method included initial familiarization with the data,
open coding, searching for preliminary themes, reviewing and defining final themes, which ultimately led to the extraction of
the main dimensions of the study.

In the quantitative section, the research was designed and implemented based on a positivist philosophy and a deductive
approach. The statistical population in this section consisted of all banking customers, and sampling was conducted using a
simple random sampling method based on the Morgan table. In this section, a sample of 213 participants was selected from
accessible customers using Cochran’s formula. The primary data collection instrument was a researcher-made questionnaire
developed based on the themes and dimensions extracted from the qualitative section. This questionnaire included items
designed to measure the main variables of the study. The validity of the questionnaire was examined using the opinions of
management experts and specialists, and its reliability was confirmed using Cronbach’s alpha coefficient, which was above
0.70, indicating acceptable reliability of the instrument.

The quantitative data were analyzed using SPSS software. In this section, descriptive analysis was first conducted to
identify the demographic characteristics of the sample, followed by inferential analyses to test the research hypotheses. In
addition, confirmatory factor analysis was conducted using AMOS software in order to validate the conceptual model of the
study and examine the factorial structure of the questionnaire. Confirmatory factor analysis was performed to evaluate the
relationships among variables and to confirm the constructs extracted from the qualitative section. The results indicated that

the proposed model demonstrated an acceptable fit with the collected data.

Findings and Results

In the first section of the study, using the grounded theory method and three-stage coding, a total of 257 open codes were
initially extracted. In the next stage, axial coding was conducted as follows.

Category 1: Causal Factors:

This category consisted of 54 codes. The selected codes were classified into three main groups: “the use of advanced
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artificial intelligence algorithms (such as machine learning and data analytics),” “performance and financial data (employee
performance and key performance indicators),” and “the need to improve and optimize employee performance evaluation

processes.”



Category 2: Contextual Factors:

This category included 47 codes. The codes in this section were classified into three groups: “economic and competitive
conditions in the banking industry,” “legal requirements and regulations related to employee performance evaluation,” and
“organizational changes and the need to adapt to new performance evaluation models in the banking industry.”

Category 3: Intervening Factors:

This category included 30 final codes. Ultimately, the codes in this section were classified into three groups: “organizational
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culture and acceptance of innovation among bank employees,” “organizational readiness to adopt artificial intelligence and
complex algorithms in the evaluation process,” and “limitations or legal challenges related to the use of personal data and
employee privacy.”

Category 4: Strategic Factors:

This category included 31 codes. Ultimately, the codes in this category were classified into four groups: “designing adaptive
evaluation models based on the specific needs and conditions of each bank,” “the use of artificial intelligence for simulating
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evaluation processes and predicting outcomes,” “personalizing evaluation criteria based on employees’ individual
characteristics and organizational needs,” and “incorporating continuous feedback to improve model performance and adapt
to environmental changes.”

Category 5: Consequential Factors:

This category included 42 codes. The final codes in this category were classified into four groups: “improving the accuracy
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and efficiency of employee performance evaluation,” “increasing employee satisfaction and job motivation through
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transparent and fair evaluations,” “enhancing productivity and improving overall organizational performance through
artificial intelligence-based evaluations,” and “improving decision-making processes in human resource management and
task allocation based on artificial intelligence evaluations.”

Category 6: Core Factors:

This category included 53 codes. The core codes in this category were classified into three groups: “accuracy and

” u

transparency of artificial intelligence models in performance evaluation,” “the capability of models to analyze complex and
dispersed data from various sources (qualitative and quantitative data),” and “the development of a data-driven evaluation
culture and artificial intelligence models among employees and managers.”

In the selective coding stage, an attempt was made to place similar and concurrent categories within the main categories.
Based on the conceptual commonalities among the categories, the codes were extracted in more abstract conceptual forms.
After preparing and organizing the table of concepts and preliminary categories as the first step in the qualitative analysis of
the interview data, the resulting concepts were grouped at a higher and more abstract level in order to identify the main
themes. Following the comparison of the grouped categories, related categories were classified under overarching themes,

and general titles were assigned to these themes based on concepts derived from relevant theories or the research literature.

The final factors are presented in the following table.



Table 1

Final Coding of the Research

Axial Codes Selective Codes

Causal Factors Use of advanced artificial intelligence algorithms (such as machine learning and data analytics)
Performance and financial data (employee performance and key performance indicators)
Need to improve and optimize employee performance evaluation processes
Strategic Factors Designing adaptive evaluation models based on the specific needs and conditions of each bank
Use of artificial intelligence for simulating evaluation processes and predicting outcomes
Personalizing evaluation criteria based on employees’ individual characteristics and organizational needs
Incorporating continuous feedback to improve model performance and adapt to environmental changes
Intervening Factors Organizational culture and acceptance of innovation among bank employees
Organizational readiness to adopt artificial intelligence and complex algorithms in the evaluation process
Limitations or legal challenges related to the use of personal data and employee privacy
Contextual Factors Economic and competitive conditions in the banking industry
Legal requirements and regulations related to employee performance evaluation
Organizational changes and the need to adapt to new performance evaluation models in the banking industry
Core Factors Performance indicators, skills, and analysis of human outcomes
Data, algorithms, and artificial intelligence technologies
Support, training, ethical considerations, and fairness in evaluation
Consequences Improving the accuracy and efficiency of employee performance evaluation
Increasing employee satisfaction and job motivation through transparent and fair evaluations
Enhancing productivity and improving overall organizational performance through artificial intelligence-based evaluations
Improving decision-making processes in human resource management and task allocation based on artificial intelligence evaluations

The number of participants in the quantitative section was 213 individuals. Of the respondents, 77% were male and 23%
were female. In terms of age distribution, 28% of the respondents were between 30 and 40 years old, 51% were between 41
and 50 years old, and 21% were over 51 years old. The largest proportion of the sample consisted of individuals aged 41-50
years, while the smallest proportion consisted of individuals aged 51 years and above. Regarding educational attainment, 6%
of the respondents held a bachelor’s degree, 33% held a master’s degree, and 61% held a doctoral degree. The largest
proportion of the sample had doctoral degrees, whereas the smallest proportion had bachelor’s degrees. In terms of work
experience, 12% of the respondents had 6—10 years of service experience, 24% had 11-15 years, 22% had 16—-20 years, 24%
had 21-25 years, and 18% had 26—30 years of service experience. The smallest proportion of the sample had 6—10 years of
work experience.

Table 2

Fit Indices of the Measurement Models and Structural Model of the Research Variables

Construct x3/df RMSEA GFI AGFI CFI NFI Interpretation

Causal Factors 2.07 0.066 0.93 0.91 0.96 0.94 Good model fit

Strategic Factors 1.80 0.057 0.94 0.92 0.98 0.97 Good model fit

Contextual Factors 1.54 0.047 0.96 0.94 0.99 0.98 Excellent model fit

Intervening Factors 1.45 0.043 0.97 0.96 1.00 0.99 Excellent model fit

Consequential Factors 1.65 0.051 0.95 0.93 0.99 0.98 Excellent model fit

Core Factors 1.75 0.065 0.98 0.96 0.95 0.93 Good model fit

Final Structural Model All CR values > 1.96 p <0.05 Confirmed Confirmed Confirmed Confirmed Structural relationships confirmed




Figure 1

Confirmatory Factor Analysis and Structural Model of the Research Variables
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(a) Path analysis of causal factors; (b) path analysis of strategic factors; (c) path analysis of contextual factors; (d) path analysis of intervening
factors; (e) path analysis of consequential factors; (f) path analysis of core factors; and (g) structural equation modeling of the proposed

model for designing the bank employee performance evaluation model using artificial intelligence.

The results of confirmatory factor analysis demonstrated that all factor loadings for the research constructs were higher
than 0.60, indicating acceptable convergent validity of the measurement items. The goodness-of-fit indices for all latent
constructs were within acceptable ranges. Specifically, the x2/df values for all constructs were below the threshold value of
5, ranging from 1.45 to 2.07, which indicates appropriate model fit. Furthermore, the RMSEA values ranged from 0.043 to
0.066, all below the acceptable threshold of 0.08, confirming satisfactory approximation of the models. The values of GFl,
AGFI, CFI, and NFI for all constructs exceeded 0.90, demonstrating strong goodness-of-fit for the measurement models.
Among the constructs, the intervening factors demonstrated the strongest fit indices, whereas the causal factors showed
comparatively lower but still acceptable fit statistics. In the final structural model, all critical ratio (CR) values exceeded the
threshold value of 1.96 and all significance levels were below 0.05, confirming the statistical significance of the causal
relationships among the constructs. The standardized path coefficients indicated that core factors had the strongest effect
on the design of the bank employee performance evaluation model using artificial intelligence (B = 0.59), followed by causal
factors (B = 0.425), consequential factors (B = 0.361), contextual factors (B = 0.236), strategic factors (B = 0.14), and
intervening factors (B = 0.12). Overall, the findings confirmed the adequacy of the proposed structural model and supported

the validity of the conceptual framework developed in this study.



Discussion and Conclusion

The present study aimed to present and validate a model for the application of artificial intelligence in optimizing the
employee performance evaluation system in the banking industry. The findings of the qualitative and quantitative sections
demonstrated that artificial intelligence can play a significant role in redesigning performance evaluation systems by
increasing evaluation accuracy, improving managerial decision-making, enhancing employee satisfaction, and strengthening
organizational productivity. The results of the confirmatory factor analysis and structural equation modeling indicated that
all proposed dimensions of the model, including causal factors, contextual factors, strategic factors, intervening factors, core
factors, and consequences, had acceptable validity and significantly contributed to the final conceptual framework. The
findings revealed that core factors had the strongest effect on the design of the artificial intelligence-based performance
evaluation model, followed by causal factors and consequential dimensions. These results suggest that successful
implementation of artificial intelligence in performance evaluation systems depends on both technological infrastructure and
organizational readiness to adopt intelligent managerial systems.

One of the important findings of the study was the identification of advanced artificial intelligence algorithms,
performance and financial data, and the need to improve evaluation processes as the primary causal factors influencing the
optimization of employee performance evaluation systems. This finding demonstrates that modern organizations,
particularly banks, increasingly recognize the limitations of traditional evaluation systems and seek more intelligent and
analytical approaches to performance management. Artificial intelligence technologies allow organizations to process large
amounts of employee-related data, identify hidden patterns in performance behavior, and generate predictive insights that
improve managerial decision-making. These findings are consistent with the studies of [3] and [2], who reported that artificial
intelligence significantly improves the effectiveness and objectivity of employee evaluation processes by reducing human
error and subjective judgment. Similarly, [5] emphasized that intelligent performance evaluation systems positively influence
employee retention and organizational efficiency by increasing transparency and fairness in evaluation outcomes. The
present findings also align with the arguments of [6], who suggested that machine learning algorithms can provide more
accurate employee performance predictions than traditional assessment methods.

The findings further indicated that strategic factors such as adaptive evaluation model design, the use of artificial
intelligence for simulation and prediction, personalization of evaluation criteria, and continuous feedback mechanisms
significantly affected the proposed model. These findings reflect the strategic role of artificial intelligence in transforming
static evaluation systems into dynamic and flexible systems capable of responding to organizational and environmental
changes. Adaptive evaluation systems allow organizations to consider employee characteristics, organizational goals, and
environmental conditions simultaneously when evaluating performance. Continuous feedback mechanisms also contribute
to employee development and organizational learning by enabling timely communication between managers and employees.
These results are in agreement with [7], who argued that Industry 4.0 and smart organizational systems require intelligent
performance measurement frameworks capable of real-time data analysis and continuous performance monitoring. The
findings are also consistent with [9], who emphasized the importance of knowledge governance and intelligent systems in
improving innovative employee performance and organizational adaptability. In addition, [10] demonstrated that
organizational learning environments and knowledge management systems positively influence employee performance by

enhancing organizational flexibility and employee engagement.



Another important finding of the study was the role of contextual factors, including economic and competitive conditions,
legal requirements, and organizational changes in the banking industry. The findings suggest that external environmental
conditions significantly influence the implementation and effectiveness of artificial intelligence-based evaluation systems.
Banks operate within highly competitive and regulated environments, making it necessary for organizations to adopt
intelligent systems that improve operational efficiency while maintaining compliance with legal standards and industry
regulations. Organizational adaptation to technological transformation is therefore essential for successful artificial
intelligence implementation. These findings are supported by [11], who emphasized that sustainable human resource
performance depends on organizations’ ability to adapt to environmental and technological changes. Furthermore, [1] argued
that technological innovation and digital transformation require organizations to redesign traditional managerial processes
and develop new capabilities aligned with intelligent technologies. The results also support the findings of [16], who
highlighted the growing integration of artificial intelligence technologies into management systems as a response to changing
market and technological conditions.

The present study also demonstrated that intervening factors, including organizational culture, innovation acceptance,
organizational readiness, and legal and privacy limitations, significantly affected the artificial intelligence-based performance
evaluation model. These findings highlight the importance of organizational and ethical dimensions in implementing
intelligent managerial systems. Even though artificial intelligence technologies provide substantial advantages, organizations
may encounter resistance from employees who fear technological replacement, privacy violations, or unfair algorithmic
judgments. Consequently, organizational culture and employee acceptance become essential determinants of successful
implementation. These findings are consistent with [12], who emphasized the role of psychological climate and employee
creativity in enhancing organizational performance within technology-driven environments. Similarly, [10] reported that
organizations with collaborative and innovation-oriented cultures are more likely to successfully implement intelligent
systems and achieve improved employee performance outcomes. The findings also correspond with the concerns raised by
[16] regarding ethical and privacy challenges associated with artificial intelligence implementation in organizational
management.

The findings related to consequential factors demonstrated that artificial intelligence-based evaluation systems can
improve evaluation accuracy, increase employee satisfaction and job motivation, enhance productivity and organizational
performance, and improve decision-making processes in human resource management. This finding reflects the practical
value of intelligent evaluation systems in modern organizations. Artificial intelligence enables managers to make evidence-
based decisions regarding employee promotion, training, compensation, and task allocation, thereby reducing managerial
bias and increasing organizational justice. Transparent evaluation systems also contribute to employee trust and motivation
because employees perceive evaluation outcomes as fair and objective. These findings are highly consistent with the results
of [4], who reported that employee performance evaluation is directly associated with organizational productivity and
employee motivation. Likewise, [5] found that artificial intelligence-based evaluation systems improve employee retention
and job satisfaction by increasing fairness and consistency in evaluation practices. The findings further support the arguments
of [3], who concluded that intelligent performance evaluation systems improve organizational effectiveness by enhancing

the precision and speed of evaluation processes.
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The findings also revealed that core factors, including performance indicators, analytical capabilities, artificial intelligence
technologies, support systems, training, ethical considerations, and fairness in evaluation, had the strongest effect on the
proposed model. This result demonstrates that technological infrastructure alone is insufficient for successful
implementation of artificial intelligence in performance evaluation. Organizations must also invest in employee training,
managerial support, ethical frameworks, and transparent evaluation standards to maximize the effectiveness of intelligent
systems. The emphasis on ethical considerations and fairness is particularly important because artificial intelligence systems
may unintentionally reinforce biases if algorithms are not carefully designed and monitored. These findings align with [8],
who emphasized the importance of accurate classification models and reliable artificial intelligence systems in decision-
making processes. The findings are also supported by [13], who demonstrated that artificial intelligence systems achieve
higher levels of performance when evaluation criteria and analytical structures are appropriately designed. Furthermore, [14]
highlighted the importance of optimization algorithms in improving prediction accuracy and reducing analytical errors in
intelligent systems.

The results of the present study additionally support the broader literature emphasizing the growing role of artificial
intelligence in analytical and predictive systems across different fields. Artificial intelligence technologies have demonstrated
substantial effectiveness in fields such as financial prediction, medical diagnosis, and educational evaluation because of their
ability to analyze complex and multidimensional data structures. For example, [15] demonstrated the high diagnostic
accuracy of artificial intelligence systems in detecting COVID-19 and community-acquired pneumonia using medical imaging
data. Although the context differs from organizational management, the underlying analytical capability of artificial
intelligence systems is comparable because both contexts require processing large volumes of complex information to
generate accurate predictions and decisions. Similarly, the application of artificial intelligence in sports management and
performance assessment reported by [17] supports the present findings regarding the ability of intelligent systems to
evaluate performance indicators more objectively and efficiently than traditional methods.

The confirmatory factor analysis and structural equation modeling results further demonstrated that all dimensions of the
proposed model had acceptable fit indices and statistically significant relationships. The values of RMSEA, CFIl, GFI, AGFI, and
NFI indicated strong model fit, confirming the validity and reliability of the conceptual framework developed in this study.
The significance of the path coefficients also demonstrated that the proposed dimensions collectively explain the structure
of artificial intelligence-based performance evaluation systems in the banking industry. These findings indicate that
performance evaluation optimization is a multidimensional process influenced by technological, organizational, strategic,
contextual, and ethical factors simultaneously. Consequently, banks seeking to implement intelligent evaluation systems
should adopt integrated approaches that consider both technological capabilities and organizational conditions.

One limitation of the present study was that the data were collected from banking experts and managers within a limited
organizational and geographical context, which may restrict the generalizability of the findings to other industries or
countries. Another limitation involved reliance on self-report questionnaires in the quantitative section, which may have been
influenced by respondents’ subjective perceptions or social desirability bias. Additionally, because artificial intelligence
technologies continue to evolve rapidly, some technological dimensions examined in this study may change over time,

requiring continuous revision and adaptation of the proposed model.
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Future research is recommended to examine the proposed model in different organizational contexts and industries in
order to evaluate its generalizability and comparative effectiveness. Researchers may also investigate the role of
organizational culture, digital leadership, employee technological literacy, and ethical governance as moderating variables
influencing artificial intelligence implementation in performance evaluation systems. Longitudinal studies could provide
deeper insights into the long-term organizational effects of artificial intelligence-based evaluation systems on employee
performance, organizational commitment, innovation, and productivity. In addition, future studies may compare different
artificial intelligence algorithms and predictive models to determine which approaches provide the highest evaluation
accuracy and fairness.

From a practical perspective, banking organizations should invest in technological infrastructure, employee training
programs, and ethical governance frameworks to support the successful implementation of artificial intelligence-based
performance evaluation systems. Managers should ensure transparency in algorithmic decision-making processes and
provide employees with continuous feedback regarding evaluation outcomes in order to increase trust and organizational
acceptance. Organizations should also develop clear legal and ethical guidelines regarding employee data privacy and
algorithmic fairness. Furthermore, policymakers and banking executives should encourage innovation-oriented
organizational cultures that support digital transformation and continuous learning to maximize the strategic benefits of

artificial intelligence technologies in human resource management and organizational performance evaluation.
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